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Abstract

This paper introduces a new disaggregated and harmonized dataset on public pro-

curement and budget execution by Brazilian subnational entities, which covers half of

Brazilian municipalities and spans the years 2003-21. This dataset provides key informa-

tion that was previously unavailable from aggregate data, such as the identities of suppli-

ers, details on purchases of goods and services, and granular information on the life cycle

of each expenditure action. It then uses these data to provide new stylized facts about

local public finance. First, it shows that about one-quarter of government purchases are

locally procured and discusses implications for efficiency. Second, it demonstrates that

close to 15 percent of payments exceed the 30-day threshold and that payment timeliness

is systematically correlated with the income level of the municipality. Finally, it shows

that municipalities where mayors have reelection incentives systematically employ more

non-competitive tenders and buy more from local suppliers.
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1 Introduction

The last decades have seen a remarkable expansion in the number of subnational units across

the world and their roles in providing public services (Gadenne and Singhal, 2014; Grossman

and Lewis, 2014; Dahis and Szerman, 2025). As their role in service provision increased, so

did their economic relevance – in Brazil, municipal procurement was equivalent to approxi-

mately 3% of GDP between 2002 and 2019, or about 25%-30% of total purchases by all levels

of government – federal, state, and municipal (Thorstensen and Giesteira, 2021).

Data on local governments are often only available at an aggregate level, e.g. the total

amount of purchases of goods and services, the total amount spent on health services, and

the total amount of accrued liabilities. Consequently, many simple yet important questions

related to the public finances of these units remain unanswered. Which are the suppliers of

local governments, and what are their characteristics (e.g., size, location)? What is the share of

purchases that happen through competitive tenders versus non-competitive methods? When

competitive auctions take place, what is the degree of competition?

Another crucial dimension of local governments’ finances is how they execute their bud-

gets. While aggregate commitment and spending amounts are easier to come by, we know

little about the details of the budget execution. For instance, how long does it take to pay

suppliers after deliveries are recognized? Is there a large variability in the payment timeli-

ness across purchases within the same government? Do governments treat suppliers equally

regarding payment timeliness? Answers to these questions can shed new light on the effec-

tiveness of local governments and on their interaction with other economic agents. Similarly,

when facing liquidity constraints, do governments prioritize the payment of some govern-

ment functions at the expense of others? Payment delays impose several costs on suppliers

and might affect the provision of public goods (Flynn and Pessoa, 2014). The importance of

this issue is reflected in several recent regulations and initiatives that governments imple-

mented in an attempt to shorten payment terms.
1
Yet, the scarcity of granular data on the

stages of the budget execution renders the answers to these questions elusive.
2

In this paper, we introduce a new dataset on municipal public finance in Brazil (MiDES,

Microdados de Despesas de Entes Subnacionais) that allows researchers to answer several of

these questions.
3
We collect, clean, and harmonize microdata on public procurement and

1
Examples include the QuickPay initiative, launched in 2011 in the United States; Regulation 113 of the

Public Contracts Regulations, passed in 2015 in the United Kingdom; and the introduction of the Centralized

Payment Platform (PPC) in 2020 in Chile.

2
According to Potter et al. (1999): “For the fiscal economist seeking to monitor budget execution, choosing

which stage(s) of the expenditure management procedure to monitor is often constrained by information avail-

ability. In principle, the data given at the verification stage may be particularly relevant because they measure

the actual liability of the public entity and thus the accrued account liability. For example, if bills are verified

promptly when they arrive, it allows a good measure of the potential arrears, where strict cash limits constrain

the amounts available to make payments. But such information is rarely available.”

3
The English translation ofMicrodados de Despesas de Entes Subnacionais is Subnational Entities’ Expenditure

Microdata.
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budget execution that covers more than half of the total municipalities of Brazil and represents

over 40% of the country’s population. Our procurement dataset allows researchers to see

information on specific tenders, such as the number, reserve price, and description of items

being sold, the number of participants in competitive tenders, and the identity of participants

and winning parties. On the budget execution side, the data includes information on each

commitment, verification (an important step in the budget spending when buyers recognize

that a good or service was delivered), and payments, again allowing researchers to see the

identity of payees and the amount and dates of each step of the budget execution. In particular,

we can compute the time to pay a particular transaction by using the time elapsed between

the verification and payment stages.

The dataset we build is fully and publicly available on the Data Basis (Base dos Dados)
platform (Dahis et al., 2022).

4
The platform provides high-quality data at scale, with tools

such as a curated search engine and an SQL-powered data lake where tables share a unified

schema. The platform allows users to seamlessly query and merge hundreds of tables, across

a variety of themes, directly on Google BigQuery.
5
All code used to generate our dataset is

publicly available on GitHub.

We collect our data from State Audit Courts (Tribunais de Contas dos Estados, TCEs). These
courts are independent institutions that supervise the public finances of the municipalities of

their states. One important concern is the quality of the data – are municipalities providing

accurate information on procurement and budget execution, or are they providing incom-

plete and selective information? We test the quality of our budget data by generating aggre-

gates from our microdata and comparing them with information from the Brazilian Public

Sector Accounting and Tax Information System (Sistema de Informações Contábeis e Fiscais
do Setor Público Brasileiro, SICONFI), a dataset maintained by the National Treasury to “facili-

tate the production and analysis of accounting and tax information, standardize consolidation

mechanisms and increase the quality and reliability of accounting information, financial and

fiscal statistics received from municipalities, states, the Federal District and the central gov-

ernment.” We show that our aggregates closely match those of the SICONFI, not only at the

municipality-year level but often at the more disaggregated level of function, which is a classi-

fication that groups expenditures according to their purpose (e.g., health, education, security).

We also provide quality checks on the procurement data, showing that key features observed

in federal procurement microdata, such as bunching below the maximum value threshold for

competitive tender waivers, also replicate in our municipal dataset.

We exemplify possible uses of our data with three applications. First, we evaluate the

extent to which local governments buy from suppliers located in the same municipalities.

García-Santana and Santamaría (2025) show compelling evidence of home bias in the Euro-

4
Available as the Microdados de Despesas de Entes Subnacionais (MiDES) dataset at https://data-

basis.org/dataset/d3874769-bcbd-4ece-a38a-157ba1021514.

5
In Appendix B, we illustrate how the dataset can be seamlessly queried to perform descriptive analyses

using R.
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pean Union and discuss its implications for the value-for-money of public procurement. We

show how our microdata allow us to identify each government supplier and identify their

location using publicly available data from Receita Federal. We then document that approxi-

mately 25% of suppliers of local governments are located in the same municipality, but with

wide variation across entities. Local purchases are less prevalent in smaller municipalities,

which could be driven by the scarcity of local suppliers, and more prevalent when suppliers

are selected through non-competitive procurement methods. For a smaller subset of munic-

ipalities, we can also use publicly available data on federal purchases to compare the preva-

lence of local suppliers between municipal governments and federal entities based on those

municipalities (e.g. compare purchases from the government of Porto Alegre with those of

the Federal Military Hospital of Porto Alegre). Consistent with the findings of García-Santana

and Santamaría (2025), we also find a much higher share of local purchases from municipal

buyers, within the same municipality.

Second, we document the extent of delays in payments to suppliers across municipali-

ties in the country and how it correlates with municipal characteristics. Payment delays are

considered one of the key barriers to the participation of small and medium-sized enterprises

(SMEs) in public procurement since they often have less access to working capital loans and

are unable to wait for longer periods of time before being paid by their clients (Barrot and

Nanda, 2020; Breza and Liberman, 2017; Barrot, 2016; Conti et al., 2021). By law, public en-

tities in Brazil are mandated to pay their clients in less than 30 days as a rule.
6
However,

late payments are common – we document that 15% of all payments to suppliers of goods

and services in recent years are made in more than 30 days, and 20% of municipality-year

observations have an average payment speed over 30 days. Payment timeliness is also sys-

tematically correlated with local per capita GDP, with higher-income municipalities paying

faster on average. The granularity of the data allows us to show that aggregate quantities,

such as the average payment speed, might hide a strong variability in payment timeliness

across suppliers and types of purchases. This is an instance in which microdata is crucial for

a proper assessment of the quality of the budget execution process of a municipality.

Third, we showhowour newly availablemeasures of purchases via non-competitivemeth-

ods and the share bought from local suppliers correlate with mayors having reelection incen-

tives. We estimate a regression discontinuity (RD) design comparing municipalities where

the elected mayor was in their first term versus where they were in their second term and

thus term-limited. We find that municipalities with a first-term mayor have 6 p.p. more non-

competitive tenders and 3.5 p.p. more purchases from local suppliers. These findings help

connect two strands of literature, one studying rules versus discretion in public procurement

(e.g., Szucs, 2024; Fazio, 2025; Decarolis et al., 2025) and one studying reelection incentives

6
Public procurement in Brazil was primarily governed by Law No. 8,666/1993 until 2021. Article 40 of this

law established the rules regulating payment conditions. In 2021, Law No. 8,666 was revoked and replaced

by Law No. 14,133/2021, which introduced a new legal framework for public procurement and administrative

contracts.

4

http://www.planalto.gov.br/ccivil_03/leis/l8666cons.htm
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and governance (e.g., Ferraz and Finan, 2011; Dahis et al., 2025a). One possible explanation

is that �rst-term mayors strategically use public procurement to build local networks of sup-

port, channeling resources through less competitive tenders and local suppliers who may, in

turn, provide electoral backing. Another possible explanation is that �rst-term mayors bring

in new bureaucrats, who have less experience with public procurement and who default more

frequently to discretionary purchases. We leave this and other questions � now unlocked by

the availability of new data � for future research.

The remainder of this paper is organized as follows. In Section 2, we provide further in-

stitutional details on procurement and budget execution in Brazil and present some statistics

from our datasets. We then proceed to validate the quality of our budget execution and pro-

curement data in Section 3, producing metrics of internal consistency as well as comparing

aggregates constructed from microdata to information available at SICONFI. In Section 4, we

illustrate two applications of this new dataset. Finally, we conclude in Section 5 by discussing

other avenues of research using these new data.

2 Institutional context and data

Municipalities in Brazil are the lowest levels of government administration, after the federal

and state governments. As of 2024, there were 5,569 municipalities across 27 states. The typi-

cal municipality is small, with a median population of approximately 11,000 individuals; while

the 15 largest municipalities had populations above 1 million, including São Paulo with over

11 million inhabitants. The Brazilian Constitution assigns to municipalities the responsibility

for speci�c service provision, including access to basic health, primary education and other

local services such as garbage collection, sanitation and street lighting (Dahis and Szerman,

2025). These priorities are re�ected in how municipalities allocate their budgets: in 2023, close

to 50% of municipal expenditures were towards health and education provision vs. less than

30% among Brazilian states (Tesouro Nacional, 2023).

Our dataset on public procurement and budget execution of Brazilian municipalities is

constructed from data that state audit courts (TCEs) assemble. The mission of these courts

is to oversee the �scal policy of states and municipalities, which includes taxation, spending,

and budget execution. TCEs are present in each of the twenty-six Brazilian states plus the

Federal District.7

All data used to construct our dataset are publicly available, often in transparency portals

provided by the TCEs.8 The structure, coverage, and quality of the raw data vary across

states and often across municipalities in the same state. For those reasons, the data require

7In the states of Rio de Janeiro and São Paulo, the TCEs oversee all municipalities apart from the capitals,
which have their own audit court. Three states � Bahia, Goiás, and Pará � have two audit courts: one that
oversees the state government and one that oversees all municipal governments within the state.

8We provide links to all the raw data we use in Table A.1.
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extensive upfront work to be harmonized, cross-checked, and cleaned for usage. The dataset

we build is fully and publicly available on the Data Basis (Base dos Dados) platform.9 This is

an ongoing project that currently covers 3,076 (out of 5,570) municipalities in 7 states (out of

27), and we expect to keep expanding the data to the extent possible.10 We provide all code

used to download, clean, and produce the �nal datasets on GitHub. Below we provide more

explanation of the institutional context and key variables related to public procurement and

budget execution.

2.1 Public procurement

Public procurement is the process through which governments acquire goods and services.

In the period covered by our data, procurement by all government entities (federal, state and

municipal) was regulated by the same public procurement law (Law No. 8,666/1993 ).11 The

procurement process starts with some demand from a public entity � a typical demand in the

municipalities in our dataset is to hire a �rm to service the vehicles in the municipal �eet. The

procuring unit will then prepare a procurement project, which will include a detailed descrip-

tion of the speci�cations of the service to be provided and an estimated value, based on market

research. The next step is then to decide the purchase method. As a rule, purchasing entities

in Brazil are expected to run competitive tenders when buying goods and services. The spe-

ci�c method used, such as reverse auctions, invitations to tender or framework agreements,

will depend on the nature of the good or service to be acquired and its estimated value. In

exceptional circumstances (such as when there is only one feasible supplier or during an emer-

gency) or when purchase values are small, o�cials can waive tenders and directly contract

with suppliers (see Table A.2 for more details on each of the available procurement methods

in Brazil during our study period; see also Fazio, 2025).

Our municipal public procurement dataset is organized into three tables:tender, tender-

item, andtender-participant.

In the tendertable, one observation is a tendering procedure that some agency in a given

municipality executes. These tenders can vary widely in nature: one tender might refer to

an auction for the purchase of several di�erent pharmaceutical products, with several bidders

competing for each product; while another might refer to the direct hiring of a musician for a

local concert. Tenders are often comprised of severalitems, so they should be thought of as a

batch of items that are separately sold � one tender might contain, for example, ten di�erent

9Available as the Microdados de Despesas de Entes Subnacionais(MiDES) dataset at
https://basedosdados.org/dataset/d3874769-bcbd-4ece-a38a-157ba1021514.

10The �rst seven states included in the dataset were chosen due to data availability, granularity and ease of
access. For some states we could not �nd any public data on the website of TCEs; in others, data were available
for download but required complex scraping; yet others provide public data for download but the quality is low
e.g. no detailed budget execution information.

11A major procurement regulation reform was approved in 2021 (Law No. 14,133/2021) but only enacted
starting in 2024, after the period covered in our dataset.

6



items that are purchased from four di�erent suppliers. Each tender observation in our dataset

often includes dates related to the start of the procurement process, a general description

of the items being purchased (like �purchase of cleaning goods for city hall� or �hiring of

mechanical services�), classi�ers for broad groups of goods and services, the modality used

for the purchase, and the total estimated value for that batch. While these are information

available at the onset of the tender process, in the dataset we also include the �nal status of

the tender � if it was completed, canceled or deserted, for example. Each tender process is

uniquely identi�ed by the variableid _licitacao _bd.

In the tender-itemtable, each observation is an item � one of the many individual goods or

services being purchased in a batch under the same speci�c tender. Items will often include

a textual description of the speci�c purchase (e.g., �cleaning detergent 0.5L� or �accounting

services�), quantities and prices. For the majority of cases, unit prices or total prices refer

to the �nal awarded price to winning participants. In some cases, the item will separately

describe the �quoted� prices, before the execution of the tender, and the price for the winning

proposal. The item dataset also includes the name and document number of the winning

entity, which can be a �rm or individual. Each item is uniquely identi�ed by the variable

id _item _bd and can be connected to tenders by the variableid _licitacao _bd.

Finally, in thetender-participanttable each observation is a participant in a given tender.

Some municipalities will only provide winners in each tender, so in that case these will be

the same as those listed in the tender-item table. Others will include all participants in a

tender, including those that did not win any contracts. Notably, this data does not include

bidding information for non-winning participants, neither on modalities where participants

submit a single bid, such as invitation to tender, nor on auctions, where each participant can

bid multiple times.12 The data includes names and document numbers of each participant, as

well as an indicator of whether they are winners. Each participant is uniquely identi�ed by

the pair of variablesdocumento andrazao _social , and can be connected to tenders by the

variableid _licitacao _bd.

2.2 Budget execution

Budget execution refers to the implementation of the annual budget that is approved by the lo-

cal legislature. While much of the analytical work presented in this paper focuses on budget

execution of public procurement, the tables on budget execution include all activities per-

formed by municipalities, including payment of salaries, transfers, and others.13

12As a benchmark, bid-level data exists for example for the Federal ComprasNet website, used by Ferraz et al.
(2015) assess the impact of winning procurement contracts on �rms' growth. The state of São Paulo also provides
bid-level data on state auctions through the Bolsa Eletrônica de Compras (BEC-SP) website.

13Brazil adopts a budget classi�cation system in which the economic classi�cation of expenses (elemento de
despesa) is comprised of 69 groups that are identi�ed by a two-digit code (see thePortaria Conjunta STN/SOF/ME
nº 103/2021for more details). For the analyses of the payment speed part of this paper, we restrict the data
to three groups related to purchase of goods and materials: consumption material (code 30), material for free
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The budget execution process in Brazil is similar to that in other countries.14 It consists

of three distinct steps: commitment, veri�cation, and payment. The commitment (empenho)

phase is the moment when governments set aside part of the budget appropriated to them for

a speci�c activity, such as buying goods from a supplier or paying salaries of health workers.

From a budgetary perspective, this is often seen as the moment an expenditure is recognized,

since committed amounts are deducted from the budget appropriation. The second step of

the budget execution is the veri�cation (liquidação). It occurs when the government acknowl-

edges that a certain service or good has been provided. This is the equivalent of recognizing

a debt with a provider and is considered an expenditure from an accrual accounting point of

view. In fact, if an expenditure was veri�ed but not paid, it is recorded as accounts payable

(restos a pagar processados), and, as with �rms, increases in this amount might re�ect a dete-

rioration in the ability of governments to meet short-term obligations.15 The �nal step of the

budget execution is the payment (pagamento), when governments transfer the money to their

suppliers.

Our municipal budget execution dataset is organized into three tables:commitment, veri-

�cation, andpayment.

In the commitmenttable, one observation is a commitment by one agency in a given mu-

nicipality. Commitments vary from very large expenses, such as the commitment for the

entire wage bill of the mayor's o�ce in a month, to very speci�c commitments such as the

acquisition of replacement parts for a car. Each commitment is often linked to four levels of

�functional programming� that map the nature of a commitment (such as Transportation >

Road Transportation > Road Recovery > Recovery of a speci�c road in a given street), as well

as a text that explicitly describes the nature of the commitment.16 After an initial commit-

ment, o�cials can increase or decrease the amounts committed as well as annul them. Across

municipalities in our dataset, the quality of tracking these actions after initial commitment

varies, but we include initial, increases, annulments, adjustments, and net amounts for each

commitment when these are available. Each commitment is also linked to a unique identi�er

(id _empenho _bd) that allows users to connect a commitment to veri�cation and payments

linked to them.

In the veri�cation table, observations are veri�cations by some agency in a given munici-

pality, which are always linked to a speci�c commitment. The key information available for

each veri�cation is the date when they happen, the initial value veri�ed, any adjustments to

the original value and the �nal value. One commitment might generate one or more veri�ca-

tions, so each veri�cation is uniquely identi�ed by the variableid _liquidacao _bd and can

distribution (code 32), and equipment and permanent material (code 52).
14For an overview of recommended budget execution practices and a cross-country comparison, see Potter

et al. (1999), Chapter 4.
15As of December 2022, the local and state governments registered as accounts payable to suppliers of goods

and services (accountFornecedores e Contas a Pagar a Curto Prazo) a total of R$ 75.6 billion (or 0.76% of the GDP).
16For a detailed discussion of expenditure functions see Manual do Orçamento (in Portuguese).
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be connected to commitments by the variableid _empenho _bd.

Finally, for thepaymenttable, each observation is a payment made to a speci�c entity.

Payments can often (but not always) be linked back to a speci�c veri�cation. The key infor-

mation available in the payments table is the date of payment and values. The dataset also

includes variables with the names and �document number� of payees - these are often unique

national identi�ers for individuals (CPF) and �rms (CNPJ) but are not available for all pay-

ments or municipalities. Again, one veri�cation event can lead to one or multiple payments,

so payments are uniquely identi�ed by the variableid _pagamento _bd and can be linked

back to veri�cation events byid _liquidacao _bd and to commitments byid _empenho _bd.

2.3 Coverage and descriptive statistics

Our dataset on municipal procurement and budget execution currently covers seven of Brazil's

twenty-seven states, highlighted in Figure 1: Ceará (CE), Minas Gerais (MG), Paraíba (PB),

Pernambuco (PE), Paraná (PR), Rio Grande do Sul (RS), and São Paulo (SP). These are large

states that cover a substantial share of the total number of municipalities (55%), population

(48%), and GDP (49%) of the country according to 2020 data. Notably, our dataset only covers

states in the South, Southeast and Northeast regions - data from the states in the North and

Center-West regions are currently not available. We display some descriptive statistics for

municipalities inside and outside our sample in Table 1. The two sets of municipalities have

similar average population, but we note that those in our sample are generally better o�. They

have higher GDP per capita, lower child mortality, higher access to public services, higher

total revenues per capita, and higher local tax revenues per capita. This is consistent with our

better coverage of the richer South and Southeast regions of Brazil.

We provide further details on the geographical and temporal coverage of the dataset in

Table 2. Starting with geographical coverage, our budget execution tables (commitment, ver-

i�cation, and payment) are available for all seven states. The procurement data are less com-

prehensive: the dataset currently includes no procurement data for SP, and the data for PB and

PE include information on tenders and participants, but not on the more disaggregated level

of items. In terms of temporal coverage, most of our budget execution data starts in the early-

to mid-2000s, with the exception of PE (2012), PR (2013), and MG (2014), and currently runs

until 2021. Once again, data on procurement is less comprehensive and, with the exception

of CE (2009-2021), starts in the mid-2010s.

In Table 3 and Table 4, we provide simple descriptive statistics from our public procure-

ment and budget execution datasets, respectively. For procurement, across the six states cov-

ered, we observe over 2.4 million unique tenders and almost 800,000 unique suppliers. Since

we observe microdata on each tender and often items, we are able to compute statistics such

as the share of tenders that are deserted and/or unsuccessful (e.g., no bidders in a competi-

tive tender) and the average number of items listed in a tender. We can also document, for

9



example, that across states approximately 30%-40% of tenders are not competitive auctions

� meaning they are directly awarded to suppliers by means other than an auction � but in

terms of total purchase value these non-competitive tenders always represent less than 20%

of total amounts. This is consistent with the fact that, similar to other countries, Brazilian law

allows small purchases to be performed without competitive auctions (Fazio, 2025). We can

also compute measures of competitiveness in tenders, such as the number of participants per

tender - the average �uctuates between two and four across the municipalities in our sample.

The dataset often contains unique identi�ers for each supplier, which in Brazil vary if the

supplier is an individual or a �rm, allowing us to compute the share of suppliers identi�ed as

�rms (which vary substantially across states, from less than 60% in CE and PB to over 80% in

MG).

Statistics for the budget execution dataset are presented in Table 4. Our budget execution

dataset includes over 880 million observations - over 250 million commitments, around 300

million veri�cations and over 300 million payments. For all three stages of the budget execu-

tion, we present the total number of observations and the total number ofdistinct events �

in some cases, we are unable to assess whether two commitment observations, for example,

refer to the same commitment or not. In those cases, we set our respective identi�er vari-

able to missing to �ag to users that we are unsure whether these are unique events that can

be tracked across datasets. Using the budget classi�cation discussed previously, we estimate

that between 25%-35% of total budget commitment events are related to the procurement of

goods and materials - this is a sample we exploit in more detail in the coming sections. We

also show that for an overwhelming proportion of commitments values are non-zero and can

be matched to some veri�cation and payment � allowing us to track the entire cycle of budget

execution. We also highlight that our dataset currently encompasses over 3.5 trillion BRL in

payments (in 2021 prices) or the equivalent of 38% of GDP in 2021, made to over 9 million

di�erent unique agents (identi�ed by national tax IDs).

We provide an illustrative example of the nature of our data in Figure 2, highlighting a

case in which we can track the entire process of public procurement and budget execution.

We note that this connection between public procurement and budget execution is currently

only possible for the state of Parana (PR), which provides a walkthrough table connecting

tender IDs to commitment IDs.17

In this �gure we zoom in on one case involving the town hall of Abatiá � a municipality

with less than 10,000 inhabitants but relatively high income in the state of Paraná � which

initiated a tender to procure uniforms for basic health employees, identi�ed by ID 1336360.

The tender was o�cially published in November 2018, with an initial budget of 17,116 BRL.

The auction took place on December 13 of the same year, during which bids were received

for 23 items, comprising di�erent types of t-shirts and bags. The tender resulted in two win-

17Approximately 78% of the procurement IDs and 38% of total commitment IDs can be found within this
correspondence table.
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ners, one for supplying t-shirts and another for supplying bags. Subsequently, the tender was

o�cially homologated on December 18.

One day after the tender's homologation, four separate commitments were made � mean-

ing that the local government set apart funds to pay for the purchases, once goods were de-

livered. Veri�cation of delivery happened in mid-May 2019, �ve months after the end of the

tender. Less than 30 days later, three separate payments were made to di�erent agents that

won the contracts, with total values of 11,377 BRL and 3,890 BRL. For the purchase of this

relatively simple good, a total of 235 days elapsed between the tender publication and the last

payment.

The example above illustrates the processes of budgeting and procurement that generates

the microdata in our database. While we can only jointly track speci�c procurement processes

and their budget for municipalities in the state of Paraná, the information on procurement and

budget execution is representative of our data and suggests the potential of this newly con-

structed dataset in providing researchers, policy makers, and the civil society with a granular

view of how local governments in Brazil acquire goods and services and execute their bud-

gets. It also illustrates the potential for similar datasets to be developed in other countries

where scattered data might exist but require upfront investment to be collected, cleaned, and

harmonized.

3 Validation

In this section we investigate the quality of our datasets, benchmarking aggregates and fea-

tures of the data we generated with other established data sources. For more details on the

internal consistency of our data (such as the number of municipalities in each dataset across

years) and limitations (such as the availability of unique identi�ers that allows di�erent states

of the budget execution to be connected), see Appendix C.

3.1 Budget data validation

The �agship dataset for information on public �nances in Brazil is theSistema de Informações

Contábeis e Fiscais do Setor Público Brasileiro(SICONFI).18 SICONFI contains self-reported in-

formation on revenues, expenditures, and balance sheets for all levels of government, includ-

ing municipalities, starting in 1989, with details on amounts per category and budget execu-

tion phase (i.e. commitment, veri�cation, payment). These data have been extensively used

and validated in empirical research using data on public �nances in Brazil (Gadenne, 2017;

Corbi et al., 2019; Shamsuddin et al., 2021). Moreover, the federal government performs sev-

eral checks to guarantee an adequate level of quality. Our budget data is much more granular

than SICONFI, measuring individual commitments, veri�cation and payments, but once we

18The dataset was formerly calledFinanças Brasileiras(Finbra).
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aggregate at levels such as municipality-year we should expect to match totals from SICONFI.

A natural validation of the quality of our budget dataset therefore is to compare our aggregates

with those provided by SICONFI.19

We perform the following exercises. First, we aggregate both amounts committed and paid

at the municipality-year level in our new dataset and compare these values with information

from SICONFI.20 Formally, we computeDmt = ( TBE
mt - TSICONFI

mt )=TSICONFI
mt , whereTBE

mt

represents total expenditures for municipalitym and yeart as calculated from our budget

execution data andTSICONFI
mt represents total expenditures as calculated from SICONFI data.21

In Figure 3, we present the histogram of the percentage deviation ofcommitted amounts

from SICONFI, across states. Our key takeaway is that for �ve states (CE, MG, PB, PE and

SP), our aggregates are almost identical to those from SICONFI - for each state, over 75% of

deviations at the municipality-year level are below 1%, and often precisely zero. For PR and

RS our deviations are centered around zero but with larger mass slightly above or slightly

below - in both states three-quarters of deviations are in the range [-0.5%, 5%], but with more

mass for larger absolute deviations in some municipality-years. We also present the same

deviations but considering total committed amounts at the municipality-year-function level,

where one observation is, for example, the total amount committed by one city for the Health

function in 2020. We present these results in Figure A.1, again documenting that our measures

of aggregate commitments closely follow those available at SICONFI.

We also provide the distribution of deviations from SICONFI in veri�cation and payment

amounts in Figure 4 and Figure 5, respectively. Here our concordance with SICONFI is less

precise � while PB and SP show very small deviations, in the remaining states we systemati-

cally overestimatetotal amounts of veri�cation and payments. The distributions of deviations

are somewhat similar across states, centered at around 5%-8% and with some mass up to 15%-

20% in some municipality-years � meaning that the aggregate amount in our data exceeds

that in SICONFI by that amount. As reported in Figure A.4 for the states of MG and PR, these

deviations do not seem to be driven by speci�c municipalities or to be systematically di�erent

across years, suggesting that there are consistent di�erences between our measures of veri-

�cation and payments and those of SICONFI. While we are unable to precisely explain those

di�erences, we expect they are partly driven by amounts carried over across �scal years, the

so-calledrestos a pagar. In most states we are unable to assert whether payments in a given

year were committed and/or veri�ed in the previous year; furthermore, annulments of veri�-

cations and cancellations of payments can be common, and are not always precisely measured

in our dataset. We believe both of these factors might drive the systematic overestimation of

19We note that SICONFI contains self-reported information and as a result can also contain errors. Moreover,
some di�erences may arise due to di�erent aggregation methods and the inclusion of government entities besides
the municipal executive branch, such as state-owned companies.

20We use the SICONFI dataset available on the Data Basis (Base dos Dados) platform at
https://basedosdados.org/dataset/5a3dec52-8740-460e-b31d-0e0347979da0.

21We are only able to compute these indicators for municipality-year observations available both in our
dataset and SICONFI.
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aggregate amounts in our dataset compared to SICONFI. Finally, we also highlight that results

in both our dataset and SICONFI are self-reported by municipalities, meaning there could be

systematic discrepancies not due to errors in one source, but due to inconsistent reporting by

subnational agents.

While we document that in some states we systematically overestimate total amounts

veri�ed and paid, these deviationsDmt are only weakly correlated with municipal charac-

teristics within states or years. We perform a predictive OLS exercise regressingDmt on a

list of observables including each municipality's log population and log GDP. For each of the

three deviation outcomes, in Table 5 we report four results progressively controlling for more

stringent �xed e�ects. All regressions include �% Procurement of goods and materials� as a

control, which measures the percentage of all expenditures directed to procurement of goods

and materials, as de�ned in Section 2.2. In columns (1)-(2), (5)-(6), and (9)-(10) we �nd that de-

viations are negatively correlated with ln(Population) and positively correlated with ln(GDP),

but these explain a very small amount of the variation observed in deviations. Adding year

�xed e�ects increases explanatory power just slightly, and exacerbates coe�cients for com-

mitment and veri�cation, but attenuates it for payment. Adding state �xed e�ects in columns

(3), (7) and (11) increases explanatory power signi�cantly, particularly for veri�cation and

payment deviations (which are larger in absolute magnitude), and make correlations become

much smaller in magnitude and mostly not statistically di�erent from zero. For deviations

in payment amounts, we still observe marginally signi�cant correlations (at 10% signi�cance

level) for both population and GDP � in column (11), a one log point increase in GDP corre-

lates with 0.46 p.p. smaller deviation in payments, or about 10.7% of the mean. A one log point

increase in GDP per capita roughly corresponds to going from p25 to p75 of the distribution,

so this is a small magnitude. Finally, in columns (4), (8), and (12) we include municipality

�xed e�ects and �nd that correlations again are not consistent across outcomes: larger GDP

predicts smaller deviations in commitments, larger population predicts smaller variations in

veri�cation, but neither predicts deviations in payment at standard levels of signi�cance.

In sum, these results suggest that deviations from SICONFI totals in our budget execu-

tion data are partially correlated with municipalities' characteristics, although only weakly.

Researchers using our data may want to control for such characteristics and combinations of

�xed e�ects, depending on the research question at hand. For example, we include year and

state �xed e�ects in our analysis of payment speed in Section 4.2.

3.2 Procurement data validation

Validating our procurement datasets is more challenging. Unlike SICONFI for budget data,

there is no other source of information on municipal purchases that could be used as a natu-

ral benchmark. Although municipalities can use the federalComprasNetportal, for the period

covered by our data we see very few municipal government actively using the portal � in Ta-
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ble A.3, we show that less than 2% of all purchases in 2020-2021 (fewer than 2,000 tenders/year)

were conducted by municipal administrative units. By 2024 (outside our sample period), this

share had increased to 11% or 13,600 purchases � still representing a very small fraction of

all municipal procurement activity. The new procurement law enacted in 2021 created a new

National Portal of Public Procurement (Portal Nacional de Compras Públicasor PNCP), which

became mandatory for municipalities with more than 20,000 individuals (one-third of all mu-

nicipalities) in 2024 but will only be mandatory for the remaining ones in 2027. In summary,

while Brazil is currently undertaking an important institutional e�ort to consolidate data on

procurement across all spheres of the public administration, there is currently no systematic

alternative sources of data on municipal procurement, making comparisons challenging.22

To assess the quality of our procurement data, we instead rely on the fact that procure-

ment law applies to all spheres of government in Brazil (federal, state and municipal) and that

detailed microdata onfederalpurchases is readily available. We then use well-documented

features of federal procurement data to investigate whether the same patterns appear in our

newly constructed municipal dataset.

Our focus are the maximum thresholds for using waivers. As previously discussed, com-

petitive tenders can be waived for small-value purchases: since 2018, these values are R$

17,600 as a general rule and R$ 33,000 for construction projects. These are not the only jus-

ti�cations for waivers, as they can also be using for emergency purposes. But if these caps

are somewhat binding, we should expect both that i) at the margin, purchasing entities might

adjust the estimated value of tenders so that they fall below the maximum threshold, gen-

erating a bunching pattern in the data; and ii) that the likelihood of using waivers changes

discontinuously across these thresholds (Fazio, 2025). We document these two patterns for the

MiDES dataset in Figure 6. First, in Figure 6a we show an excess mass of tenders with values

just below the R$ 17,600 threshold, and an equivalent missing mass above - suggesting that

marginal contracts that would be placed above the threshold are instead quoted at a lower

value to qualify for waivers.23 Second, in Figure 6b, we show that while waivers are used in

nearly 70% of tenders for projects valued below R$17,600, this share falls sharply to around

40% for tenders with estimated values just above that level and further reduces to about 20%

for those above R$ 33,000. Reassuringly, in both �gures we document that these patterns are

very similar to what we observe for federal purchases � the bunching pattern is very similar in

both distributions, and the discontinuities in use of waivers are also similar, although federal

tenders tend to use them more, conditional on estimated value. We interpret these results are

22One potential approach would be to compare, at the municipality-year level, the aggregate value of tenders
in our procurement dataset and the total value of budget expenses that are related to procurement. However,
there are fundamental di�erences in those quantities that make this validation far from ideal. We explore in
detail this potential approach, including validations when we can connect tenders to all committed expenses
related to them, in Appendix D.

23The distribution also presents clear excess mass at round numbers, suggesting that estimates are rounded
up or down.
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evidence of the quality of MiDES procurement data.24

4 Applications

4.1 Local �rm contracting in public procurement

Using our newly created dataset on local public procurement in Brazil, we investigate how

much geographical variation exists in the location of government suppliers. According to

García-Santana and Santamaría (2025), government purchases are highly locally concentrated

worldwide. This phenomenon may occur due to supply factors such as regional economic

specialization and lack of a diverse local production sector, or frictions such as transportation

costs, geography or information asymmetries. It may also be explained by demand factors

such as buy-local policies. These policies are ubiquitous across countries, but there is limited

evidence regarding whether governments uno�cially favor local suppliers even if a formal

buy-local policy does not exist. García-Santana and Santamaría (2025) provide compelling

evidence that regional governments in Spain and France (equivalent to states in Brazil) present

home bias, i.e. they favor local suppliers.

In this section, we document the prevalence of local suppliers across Brazilian municipal-

ities. No such information exists currently in Brazil due to the lack of consistent data on the

identity of municipal government suppliers � an information gap we �ll with our dataset. We

merge the identity of around 350,000 corporate suppliers in local contracts with information

on which municipality they are registered in - given by theCadastro Nacional de Pessoas Ju-

rídicas(CNPJ), a dataset provided by the Brazilian tax authority (Receita Federal). We consider

a �rm local if it operates within the municipality, regardless of whether it is a headquarters

or a branch.

In Figure 7, we present the distribution of the share of local suppliers � de�ned as those

located in the same municipality as the purchasing entity � in each state, pooling all purchases

from 2014 to 2021.25 PR and MG are the states in which local contracting is higher on average

- close to one-quarter of suppliers of goods and services in these municipalities are local. The

remaining states � RS, CE, PB and PE � register averages in the range of 16% - 22%. However,

it is worth noting that, within states, we still observe a large variation in the levels of local

contracting. Take MG, for example, a state with more than 800 municipalities. According to

our data, municipalities such asBaldimand Ibirité had less than 10% of suppliers located in

the same municipality, whereas municipalities likeAlmenaraandTaiobeirasregistered over

24See Appendix E for additional comparisons between municipal and federal procurement, including on the
prevalence of similar goods and services being purchased.

25We replicate all results in this section considering the share of total local purchases instead of the share of
local suppliers, i.e. we presented results weighted by the contract amount, in Figure A.7 - Figure A.12. When
doing so, we lose all observations for the states of Pernambuco (PE) and Paraíba (PB), for which no data on item
value is available. Nonetheless, we �nd broadly similar results when looking at this subsample and considering
the weighted version of local contracting.
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60% local suppliers' participation.

We then explore two sources of heterogeneity in the prevalence of local suppliers across

municipalities. We �rst consider the purchase modality. In general, purchases can be divided

into competitive and non-competitive tenders (see Table A.2 for more details). The litera-

ture showing the e�ects of discretion on procurement outcomes documents that it may have

potential negative impacts on e�ciency and corruption (Baltrunaite et al., 2021; Decarolis

et al., 2020; Palguta and Pertold, 2017). One explanation is related to favoritism, once lack of

competition may favor government bureaucracy to engage in opportunistic behavior for pri-

vate bene�t by awarding contracts to local and/or connected �rms. These suppliers may not

be the most e�cient, leading to overpricing and other ine�ciencies. Using Brazilian federal

procurement data, Fazio (2025) �nds evidence that although public agencies use discretion to

purchase higher-quality products, they also use it to favor �rms that are politically connected,

located in the same municipality as the government agency, larger, and older.26

Second, to provide insights on the role of supply-side factors, we investigate the relation-

ship between local purchases and the size of municipalities. Within smaller municipalities,

the range of economic activities tends to be narrower and less diverse. This likely translates

to a scarcity of local businesses available to adequately address the requirements of the local

government. In addition, even if there is a supplier for some purchase, smaller municipali-

ties might lack local competition, which can result in higher prices being charged by local

suppliers in comparison to suppliers located in more competitive markets. So it is possible

that policy-makers in those small municipalities might actually encourage the participation

of �rms from other areas.

In Table 6, we present correlates of the probability that a tender is awarded to a local

supplier. Focusing on column (3), where we include year and state �xed-e�ects, we show that

a 10% increase in municipality population correlates with a 0.5% increase in the likelihood of

having a local supplier and that probability is 7.4 p.p. higher in non-competitive tenders.27

While previous results provide novel patterns on the prevalence of local suppliers across

Brazilian municipalities, they are not evidence that municipal buyers directly favor local sup-

pliers - i.e. they present home-bias. We provide additional evidence that home-bias might

be a driving pattern of the results above by comparing, within the same-municipality, the

26In the Hungarian context, Szucs (2023) �nds a similar result - winners of high discretion procedures are
more likely to be domestically owned. On the other hand, contracts in high discretion procedures tend to be
awarded to younger and smaller �rms.

27The simple correlation between the share of local suppliers and municipality size can be seen on Figure A.5,
where we document that larger municipalities have a larger share of local suppliers � going from a population
of 5,000 to 500,000 increases the average share of local supplier by approximately 10 percentage points. The
correlation with purchase modality is less clear in the raw data: in Figure A.6, we present the distribution of the
share of same-municipality suppliers by competitive and non-competitive tenders separately. The average share
of local suppliers is approximately 20% for both modalities. We do observe more dispersion in non-competitive
tenders: while the distribution for competitive ones shows concentration around the mean, in non-competitive
tenders we observe both a larger share of municipalities for which almost no suppliers are local and also a larger
share with large participation of local suppliers.
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prevalence of local suppliers among municipal agencies vs. federal agencies located in the

same municipality. Our key evidence is presented in Figure 8, where we plot municipalities

according to the share of local suppliers among local buyers and federal buyers in 2021. The

vast majority of municipalities are located below the 45 degree-line, indicating that municipal

buyers use more local suppliers than federal buyers. We quantify these e�ects in Table 7. In

column (1), we show that, when comparing all purchases, municipal buyers are just 2 p.p.

more likely to use local suppliers and that e�ect is not statistically signi�cant. But once we

control for modality of purchase and municipality �xed-e�ects, we show that municipal buy-

ers are almost 13 p.p. more likely to use local suppliers. This is a large e�ect comparing the

overall mean of 21% of local suppliers. One caveat in interpreting our �nding as evidence

in favor of home bias is that we are unable to control for the nature or quality of goods and

services being bought, so our results might be partially driven by municipal and federal buy-

ers acquiring di�erent products. A more thorough investigation of the available evidence to

con�rm or challenge these results is a promising avenue for additional research.

4.2 Timeliness in government payments

Another important dimension of procurement practices is the timeliness of payments. Stretched

payment terms increase the length of time between the payments for inputs and the receipt of

cash from customers, increasing the working capital needs and �nancial expenses of suppliers.

Previous research has documented the importance of trade credit terms for the performance

of �rms (Checherita-Westphal et al., 2016; Breza and Liberman, 2017). In extreme cases, late

payments can lead to default and bankruptcy.

Governments across the world often take long to pay their suppliers: procuring entities

take on average 100 days to pay �rms, with vast variation across countries (Bosio et al., 2022).

This has several important implications. First, government purchases are a large share of the

economy and a substantial revenue source for �rms, a�ecting their future growth and em-

ployment trajectory (Ferraz et al., 2015). When governments take long to pay their suppliers,

they impose an additional �nancial cost on �rms deciding to supply, and potentially exclude

small and medium-sized �rms that are more likely to be liquidity constrained (Barrot and

Nanda, 2020). Second, if �rms understand these additional �nancial costs, �rms may avoid

competing for government contracts or, upon deciding to compete, only accept higher prices

that make up for the additional liquidity necessary to �nance themselves. In either case, that

may reduce the cost-e�ectiveness of public purchases and/or lead to worsening of the quality

of goods and services procured. Some government have explicitly introduced reforms to ac-

celerate payment to suppliers: Barrot and Nanda (2020) discuss the impact ofQuickPay, which

decreased the payment speed from 30 to 15 days for small business in the U.S. in 2011; and

Chile introduced the Centralized Payment Platform (PPC, Spanish acronym forPlataforma

de Pagos Centralizados) in 2020, which centralized payments from purchasing units to the

17



Treasury and started to enforce a 30-day limit to payments.

In this section we document payment timeliness across Brazilian municipalities using our

new dataset. We highlight this exercise is only possible by using microdata on the entire

budget executing process. In an ideal scenario, we would be able to connect each payment

to a single veri�cation, and then compute average payment speed at the veri�cation level.

In practice, the majority of payments are connected to one commitment, but not to a veri-

�cation. We instead compute payment speed at the commitment level � in cases where one

commitment is linked to more than one veri�cation and more than one payment, we compute

amount-weighted-dates for veri�cations and payments, and then determine payment speed

as the di�erence between these two dates.28 We restrict our sample to procurement-related

commitment, to focus on speed to suppliers, and further restrict it to the purchase of goods

and materials � since veri�cations of services are often more complex and numerous.

Procurement law in Brazil determines that payments should be made no later than 30

days after the veri�cation, with a shorter limit of 5 days for bid waiver processes (dispensa

de licitação). In Figure 9 below, we present the distribution of the average payment speed at

the municipality-by-year level, where average speed are calculated using the total amount of

committed funds as weights (so it can be interpreted as the average speed to pay 1 BRL). In

Figure 9a, we show the histogram of our speed measure � the distribution is centered around

15 days, showing that in the majority of municipality-year observations the average payment

speed is well below the 30 day limit. We also document, nonetheless, a large right tail of

observations with average speed well above 30 days: in Figure 9b, we show that approximately

20% of municipality-years have an average payment speed above 30 days, and many are above

45 or even 60 days. Overall, approximately 15% of the total amount paid in the procurement

of goods and materials in recent years is made in more than 30 days.

In Figure 10, we present a map of the regions in Brazil included in our paper and color

municipalities according to their average payment speed in 2018. Consistent with the distri-

butions we plot above, we see that the majority of municipalities are paying their suppliers

on average below 30 days, which are represented in dark and light green colors. Slow paying

municipalities are often spread across the geography, but some clusters are clearly seen - the

northeastern part of MG, for example, in the upper part of the "Southeast and South" region,

is home to several municipalities that pay on average in more than 30 days.29 This is also a

region of lower-income municipalities, which suggests that perhaps payment speed are con-

sistently correlated with local income � either because these are areas of lower state capacity

or because local governments face budget constraints, for example.

We �rst document that, in that raw data, this relationship seems to be present: in Fig-

ure 11, we document a negative correlation between a municipality's per capita GDP and

28Details on the methodology to compute speed in complex situations, when one commitment is linked to
several veri�cations and several payments, are discussed in Dahis et al. (2025b).

29We consider an alternative measure of payment delays in Figure A.13, the share of payments at the munic-
ipality level performed over 30 days, and observe a similar geographical pattern.
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their average payment speed � those with higher incomes pay their suppliers systematically

faster. We then present in Table 8 a series of regressions documenting that this relationship

is robust to other measures of payment timeliness. In all speci�cations, we control for the log

of population and include state and year �xed-e�ects. In column (1), we show that munici-

palities with 1 log-point higher income (which is roughly moving from the 1st to 3rd quartile

in the per capita GDP distribution) pay their suppliers on average 1.7 days faster - this is ap-

proximately an 8% increase in payment timeliness when compared to the sample mean of 21

payment speed. While the average payment speed is important, it is possible that suppliers

care less about averages and more about the probability of extreme events, such as being paid

later than a certain number of days. In column (2), we �rst document that 1 log-point increase

in GDP is correlated with a 3.9 p.p. decrease in the probability of being paid after the 30-days

limit, compared to a 19% baseline mean. Higher income municipalities are also less likely to

pay in more than 45 or 60 days, as we document in columns (3) and (4).

Overall, these �ndings show that, while the majority of municipalities pay their suppliers

on average within the time-frame determined by law, substantial variation still exists: 15% of

payments are made over 30 days and payment timeliness seems to be systematically correlated

with local per capita income.

4.3 Reelection incentives and government purchases

In this section we leverage our new dataset to further study of the e�ects of reelection incen-

tives on public �nance. Since the work of Barro (1973) and Ferejohn (1986) the literature has

asked to what extent reelection incentives discipline politicians to choose policies in line with

voters' preferences and to be less corrupt. An empirical literature tests whether politicians

facing reelection incentives are less corrupt (Ferraz and Finan, 2011; Bobonis et al., 2016; Dahis

et al., 2025a), are less productive in the legislative (Fouirnaies and Hall, 2022), allow for more

deforestation (Pailler, 2018), and much more. We extend this literature by measuring how

reelection incentives correlates with procurement outcomes that are only measurable using

the detailed microdata we provide.

In particular, we test whether municipalities in Brazil with a �rst-term mayor, who can

be reelected once, rely more or less on competitive purchasing methods and local suppliers,

when compared to incumbents who cannot face reelections given term limits. We implement

the following local linear regression discontinuity (RD) speci�cation:

ymt = � FTmt + � 0MV mt + � 1FTmt MV mt + 
Z mt + � s( m ) + � t + " mt (1)

whereymt is the outcome of interest in municipalitym and termt , FTmt is the indicator for

�rst-term mayors, andZmt is a vector of mayors' characteristics. The terms� s( m ) and � t

denote state and year �xed e�ects, respectively. The termMV mt represents the �rst-term

candidate's margin of victory. It is speci�ed as the di�erence between the vote share of the
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challenger receiving the largest number of votes minus the vote share of the incumbent mayor.

This measure is therefore positive in municipalities where the incumbent was not reelected

and a �rst-term mayor was elected, and negative otherwise. We weigh the regression using

a triangular kernel. We choose bandwidths according to the minimum squared error (MSE)

criteria by Calonico et al. (2014).

We report the results in Table 9. We �nd that municipalities with a �rst-term mayor elected

by a small margin have 6 p.p. more non-competitive tenders (Column 1) and 3.5 p.p. more

purchases from local suppliers (Column 4). For each outcome we include two columns with

robustness tests with half or double the optimal CCT bandwidth. Visually, Figure 12a shows

a clear jump to the right of the cuto�, while the patterns in Figure 12b are less clear.

Several explanations could rationalize these results. First, to the extent that discretionary

purchases from local suppliers correlates with ine�cient favoritism and corruption, �rst-term

mayors could be pursuing this avenue as a substitute to other forms of illegal corruption.

They may strategically use public procurement to build local networks of support, channel-

ing resources through less competitive tenders and local suppliers who may, in turn, provide

electoral backing. This would provide more nuance to the �ndings in Ferraz and Finan (2011)

and Dahis et al. (2025a). A second interpretation could be that �rst-term mayors enter o�ce

with new networks of suppliers or knowledge that ultimately leads to better procurement out-

comes for the municipality. This would be consistent with research documenting the positive

aspects of discretion in procurement (Fazio, 2025). A third explanation could be that �rst-

term mayors bring in new bureaucrats, who have less experience with public procurement

and who default more frequently to discretionary purchases. Each possibility is interesting

and deserves further study in future research.

5 Conclusion

This paper introducedMiDES� a new disaggregated and harmonized dataset on Brazilian

local procurement and budget execution. We �rst described the datasets' basic properties and

coverage, and then validated it against the standard public �nance data sources in Brazil.

We illustrate the potential uses of this new data in three applications, uncovering new

facts about local public �nances in Brazil that are only measurable using the granular data

we provide. First, we show that, on average, 15% - 25% of municipal suppliers are located

in the same municipality. The prevalence of local suppliers is higher in larger municipalities

and in non-competitive tendering. We also show suggestive evidence that this prevalence is

not simply driven by local conditions by documenting a much higher share of local suppliers

when the buyer is a municipal entity when compared to federal buyers located in the same

municipality.

Second, we produce new descriptive evidence on speed in payments to government suppli-

ers. We show that approximately 15% of payments are delayed, meaning they are paid over the

20



maximum allowed limit of 30 days. Furthermore, 20% of municipality-year observations have

an average speed above 30 days � suggesting they are systematically late payers. Payment

timeliness is also correlated with local per capita GDP, with higher-income municipalities

paying their suppliers faster. These �ndings open several additional research questions. For

example, if suppliers know that some municipalities tend to be late payers, they might include

that "�nancial risk" of mismatched assets and liabilities in their decisions when selling to these

governments and increase prices. Some �rms, particularly smaller and liquidity-constrained

ones, might also decide not to sell to these governments in order to avoid that �nancial risk.

Other possible questions are whether payment speeds are systematically di�erent depend-

ing on government functions (are health expenses paid faster than education for example?);

whether they systematically vary with the business and/or political cycles;30 and whether

some suppliers bene�t from better payment terms than others (Dahis et al., 2025b). All of

these have important implications for competition and value-for-money in the public sector

and deserve further investigation, which is possible using the granular data we provide.

Third, we exemplify how our data can be used for causal inference with an application

to the literature on reelection incentives and public �nance. We compare municipalities in

close elections where the elected mayor entered his or her �rst term versus those where the

winner was the incumbent. Our results suggest that municipalities with �rst-term mayors rely

signi�cantly more on non-competitive tenders and buy more from local suppliers. These early

�ndings corroborate a more nuanced reading of the literature and invite further research.

Several other research questions related to local public �nances can be explored using

these novel data, particularly when matched with other administrative data available in Brazil.

Ash et al. (2025), for example, combine the well-known audit courts data that reveal corruption

at the municipal level with aggregate data from SICONFI to predict out-of-sample corruption.

The new dataset we provide could be used to compute additional measures of local budget

and procurement decisions � such as payment speed or shares of purchases from local and/or

politically connected �rms � which could improve machine learning models used to predict

mismanagement and corruption. The granular data available can also shed new light on how

subnational entities adjust their expenditures throughout the business cycle, the political cycle

(Foremny et al., 2018) and in response to �scal rules that might constrain their policy choices

(Carreri and Martinez, 2022). Matched with personnel data, the detailed procurement data we

provide could generate new evidence on how the personal traits of state bureaucrats, such

as experience and educational attainment, correlate with measures of value-for-money (Best

et al., 2023; Fenizia, 2022). More broadly, we expectMiDESto allow researchers to engage

with these and many other questions on subnational public �nances.

30In Figure A.14, we document that the share of late payments was much higher in the 2014-2016 period,
when Brazil faced a severe recession, and then improved substantially in more recent years.
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Figures and Tables

Figure 1: Coverage of procurement and budget execution data

Notes: This �gure presents a map of Brazil with administrative boundaries of its 27 states plus the Federal

District. Blue-shaded areas represent states for which full or partial procurement and/or budget execution

municipal microdata is currently available in the dataset. See Table 2 for more details on our data coverage.

We do not have date for the capital of the state of SP.
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Figure 2: Example of procurement and budget execution process

Notes: This �gure illustrates the interaction between the budgeting and procurement processes, illustrated

with an empirical example from the state of Paraná, where our dataset allows us to follow procurement

processes from the tendering stage all the way to the payment of suppliers.
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Figure 3: Validation with SICONFI data - commitment

Notes: This �gure presents the percentage deviation in the total amount of budget commitments, at the

municipality-year level, between our dataset and SICONFI, the public �nance dataset of the Brazilian Trea-

sury. Values are positive whenever the total amount in our dataset, aggregated from individual commit-

ments, is larger than that of SICONFI. See Table 2 for more details on our data coverage. We truncate

observations at -25% to the left and at 25% to the right.
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Figure 4: Validation with SICONFI data - veri�cation

Notes: This �gure presents the percentage deviation in total amount of budget veri�cations, at the

municipality-year level, between our dataset and SICONFI, the public �nance dataset of the Brazilian Trea-

sury. Values are positive whenever the total amount in our dataset, aggregated from individual veri�cations,

is larger than that of SICONFI. See Table 2 for more details on our data coverage. We truncate observations

at -25% to the left and at 25% to the right.
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Figure 5: Validation with SICONFI data - payment

Notes: This �gure presents the percentage deviation in total amount of budget payments, at the

municipality-year level, between our dataset and SICONFI, the public �nance dataset of the Brazilian Trea-

sury. Values are positive whenever the total amount in our dataset, aggregated from individual payments,

is larger than that of SICONFI. See Table 2 for more details on our data coverage. We truncate observations

at -25% to the left and at 25% to the right.
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Figure 6: E�ects of tender waiver thresholds - Municipal vs. Federal data

(a) Bunching below waiver threshold

(b) Share of waivers

Notes: These �gures present comparisons between federal and municipal purchases' characteristics around

maximum thresholds for the use of competitive-tenders' waivers. Municipal data include all tenders from

the MiDES dataset in 2021, while Federal data includes all tenders available in the Transparency Portal of

the Federal government for 2021. For both panels we focus on tenders estimated to be in the range of R$

2,600 - 42,600. The �rst panel presents the histogram of tenders' values, while the second one presents the

share of tenders in each bin using waivers. Dashed lines mark the general threshold for waivers (R$17,600)

and the speci�c threshold for construction projects (R$ 33,000).
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Figure 7: Distribution of share of local suppliers across di�erent states

Notes: This �gure presents the distribution of the percentage of suppliers located within the same munic-

ipality where the tender process occurs, regardless of whether it is a headquarters or a branch, for each

state. Data are drawn from the tender-participant table, and encompass all types of purchases, including

tender waivers, for both products and services. Here, we consider only the winners' (suppliers) information.

We match this dataset with theCadastro Nacional de Pessoas Jurídicas(CNPJ), a dataset provided byReceita

Federalthat contains information on every �rm registered in Brazil (we use this information as of 2019, the

earliest available year). Red dotted line marks the average value of the distribution. The temporal coverage

of the data ranges from 2014 to 2021. See Table 2 for more details on our data coverage.
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Figure 8: Share of local suppliers - federal vs. municipal agencies

Notes: This �gure presents, for each municipality, the share of local suppliers from federal agencies located

in the municipality (in the y-axis) and the share of local suppliers by the municipal government (in the x-

axis). The share of local suppliers is de�ned as the share of suppliers located in the same municipality as the

buying entity, conditional on suppliers being incorporated entities (for which we can identify location). The

sample includes approximately 130 municipalities for which we observe both municipal spending in MiDES

and purchases from a federal agency located in the same municipality in 2021. We exclude from this �gure

municipalities with less than 10 purchases from local government or less than 10 purchases from a federal

agency. The capitals of the six states in our sample are highlighted and labeled in red.
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Figure 9: Distribution of payment speed at municipality-year level

(a) Histogram

(b) Cumulative Distribution Function (CDF)

Notes: Panel (a) presents the histogram of average payment speed at the municipality-year level, where
average speed is weighted by total committed amount. The dotted line marks the 30-day threshold, the
maximum allowed payment speed for procurement in Brazil. The underlying data cover the 2014-2018
period and six states (CE, MG, PB, PR, RS and SP). We are unable to calculate payment speed for PE due to
our inability to match payments to their respective commitments.
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Figure 10: Weighted average payment speed (days)

Notes: This �gure presents a map of regions of Brazil where municipalities are colored according to the

average payment speed in the procurement of goods and materials. Municipality average speed are weighted

by the total amount paid/committed. This indicator is available for the states of RS, PR, SP, MG, PB, CE.

We only consider commitments that are fully executed within a �scal year, that is, the amount committed

is equal to the amount veri�ed and the amount paid.
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Figure 11: Average payment speed vs. GDP per capita

Notes: This �gure showcases a binned scatter plot, plotting the logarithm of per capita GDP on the x-axis

against average payment speed on the y-axis. Municipality average speed are weighted by the total amount

paid/committed. This indicator is available for the states of RS, PR, SP, MG, PB, CE. We only consider com-

mitments that are fully executed within a �scal year, that is, the amount committed is equal to the amount

veri�ed and the amount paid. The scatter plot is constructed using the package developed in Cattaneo et al.

(2022).
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